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[ Abstract ]
prognosis varies greatly with different stages of the tumor. In recent years, more and more evidence

Gastric cancer is a common malignant tumor of digestive tract, and its

shows that artificial intelligence (Al) technology has excellent performance in imaging diagnostic
applications, with remarkable diagnostic effects and broad prospects. Al not only improves the
accuracy of diagnosis and staging of gastric cancer, but also has great application value in
pathological assessment, adjuvant therapy and prognosis prediction. This article systematically
reviews domestic and foreign literature to explore the application progress of Al in gastric cancer
imaging.
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